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An Improved Recommendation Algorithm Based on Item Semantics

LEI Ming. ZHU Ming

(School of Information Science and Technology, USTC, Hefei 230022, China)

Abstract: Compared to the traditional recommendation algorithm based on item semantic with the precision of
similarity calculated not high , we proposes an improved recommendation algorithm based on item semantics ,
through mining data sets, extracting content features, using probabilistic model and building feature vectors of
items precisely, it calculates the similarity accurately between the items and combines with the results of
recommendation algorithm based on semantic recommendation, not only its results is much better than the item-

score recommendation algorithm for collaborative filtering and recommendation algorithm based on item semantics,

but also it improves on the precision in the less users with scores.
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